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(57) ABSTRACT

Models are generated from objects identified in video. Each
model is evaluated based on knowledge of the objects deter-
mined from video analysis, and preferred models are identi-
fied based on the evaluations. In some examples, each model
could be evaluated by tracking a movement of each object in
the video by using each model to track the object from which
it was generated, evaluating an ability of each model to iden-
tify the objects in the video that are similar to the object from
which it was generated, and determining an amount of false
identifications made by each model of different objects in
different video that does not include the object from which it
was generated.

20 Claims, 6 Drawing Sheets
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1
EVALUATION OF MODELS GENERATED
FROM OBJECTS IN VIDEO

RELATED APPLICATIONS

This application claims the benefit of U.S. provisional
application entitled “DESCRIPTORS BASED OBIJECT
DETECTION” having Ser. No. 61/434,736 filed on Jan. 20,
2011, which is entirely incorporated herein by reference.

TECHNICAL FIELD

Aspects of the invention are related, in general, to the field
of image processing and analysis.

TECHNICAL BACKGROUND

Image analysis involves performing processes on images
or video in order to identify and extract meaningful informa-
tion from the images or video. In many cases, these processes
are performed on digital images using digital image process-
ing techniques. Computers are frequently used for perform-
ing this analysis because large amounts of data and complex
computations may be involved. Many image processing tech-
niques are designed to emulate recognition or identification
processes which occur through human visual perception and
cognitive processing.

OVERVIEW

A method of operating an image processing system is
disclosed. The method comprises generating models from
objects identified in video. The method further comprises
evaluating each model based on knowledge of the objects
determined from video analysis, and identifying at least one
preferred model based on the evaluating.

In an embodiment, one or more computer readable media
have stored thereon program instructions which, when
executed by a processing system, direct the processing sys-
tem to generate models from objects identified in video. The
program instructions further direct the processing system to
perform evaluations on each model based on knowledge of
the objects determined from video analysis, and identify at
least one preferred model based on the evaluations.

In an embodiment, an image processing system comprises
a processing system. The processing system is configured to
generate models from objects identified in video. The pro-
cessing system is further configured to perform evaluations
on each model based on knowledge of the objects determined
from video analysis, and identify at least one preferred model
based on the evaluations.

In an embodiment, evaluating each model based on knowl-
edge of the objects determined from video analysis comprises
tracking a movement of each object in the video.

In an embodiment, tracking the movement of each objectin
the video comprises using each model to track the object from
which it was generated.

In an embodiment, evaluating each model based on knowl-
edge of the objects determined from video analysis comprises
evaluating an ability of each model to identify the objects in
the video that are similar to the object from which it was
generated.

In an embodiment, evaluating each model based on knowl-
edge of the objects determined from video analysis comprises
determining an amount of false identifications made by each
model of different objects in different video that does not
include the object from which it was generated.
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In an embodiment, evaluating each model based on knowl-
edge of the objects determined from video analysis comprises
tracking a movement of each object in the video by using each
model to track the object from which it was generated, evalu-
ating an ability of each model to identify the objects in the
video that are similar to the object from which it was gener-
ated, and determining an amount of false identifications made
by each model of different objects in different video that does
not include the object from which it was generated.

In an embodiment, identifying at least one preferred model
based on the evaluations comprises identifying a model hav-
ing a greatest ability to identify the objects in the video that
are similar to the object from which it was generated and
having a least amount of false identifications of the different
objects in the different video.

In an embodiment, the objects are identified in the video by
manual identification.

In an embodiment, the objects are identified in the video by
human head detection.

In an embodiment, the objects identified in the video com-
prise human body parts.

This Overview is provided to introduce a selection of con-
cepts in a simplified form that are further described below in
the Detailed Description. It should be understood that this
Overview is not intended to identify key features or essential
features of the claimed subject matter, nor is it intended to be
used to limit the scope of the claimed subject matter.

BRIEF DESCRIPTION OF THE DRAWINGS

FIG. 1 is a block diagram that illustrates an imaging sys-
tem;

FIG. 2 is a flow diagram of a process according to an
embodiment of the invention for operating an image process-
ing system;

FIG. 3 is a block diagram that illustrates video and models
generated from objects identified in the video;

FIG. 4 is a block diagram that illustrates video and an
evaluation of a model based on knowledge of an object in the
video;

FIG. 5 is a block diagram that illustrates video and an
evaluation of models based on knowledge of objects in the
video;

FIG. 6 is a block diagram that illustrates video and an
evaluation of models based on knowledge of objects in the
video;

FIG. 7 is a block diagram that illustrates an image process-
ing system.

DETAILED DESCRIPTION

The following description and associated drawings teach
the best mode of the invention. For the purpose of teaching
inventive principles, some conventional aspects of the best
mode may be simplified or omitted. The following claims
specify the scope of the invention. Some aspects of the best
mode may not fall within the scope of the invention as speci-
fied by the claims. Thus, those skilled in the art will appreciate
variations from the best mode that fall within the scope of the
invention. Those skilled in the art will appreciate that the
features described below can be combined in various ways to
form multiple variations of the invention. As a result, the
invention is not limited to the specific examples described
below, but only by the claims and their equivalents.

Disclosed herein are systems and methods for evaluating
models generated from objects identified in video. Generally,
a descriptors-based detection technique is employed to detect
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and identify objects using one or more of an object’s parts.
Models of the object are generated and then portions of
images in video are compared to these predetermined models.
Preferred models are selected intelligently based on their
ability to maximize the detection rate of similar objects while
keeping false detections to a minimum.

FIGS. 1-2 are provided to illustrate one implementation of
an imaging system 100 and its operation. FIG. 1 depicts
elements of imaging system 100, while FIG. 2 illustrates
process 200 that describes the operation of imaging system
100.

Referring now to FIG. 1, a block diagram is shown that
illustrates imaging system 100. Imaging system 100 com-
prises video source 101 and image processing system 120.

Video source 101 may comprise any device having the
capability to capture video or images. Video source 101 com-
prises circuitry and an interface for transmitting video or
images. Video source 101 may be a device which performs the
initial optical capture of video, may be an intermediate video
transfer device, or may be another type of video transmission
device. For example, video source 101 may be a video cam-
era, still camera, internet protocol (IP) camera, video switch,
video buffer, video server, or other video transmission device,
including combinations thereof.

Image processing system 120 may comprise any device for
processing or analyzing video, video streams, or images.
Image processing system 120 comprises processing circuitry
and an interface for receiving video. Image processing system
120 is capable of performing one or more processes on the
video streams received from video source 101. The processes
performed on the video may include viewing, storing, trans-
forming, mathematical computations, modifications, object
identification, analytical processes, conditioning, other pro-
cesses, or combinations thereof. Image processing system
120 may also comprise additional interfaces for transmitting
or receiving video streams, a user interface, memory, soft-
ware, communication components, a power supply, or struc-
tural support. Image processing system 120 may be a video
analytics system, server, digital signal processor, computing
system, or some other type of processing device, including
combinations thereof.

Video source 101 and image processing system 120 com-
municate via one or more links which may use any of a variety
of communication media, such as air, metal, optical fiber, or
any other type of signal propagation path, including combi-
nations thereof. The links may use any of a variety of com-
munication protocols, such as internet, telephony, optical net-
working, wireless communication, wireless fidelity, or any
other communication protocols and formats, including com-
binations thereof. The link between video source 101 and
image processing system 120 may be direct as illustrated or
may be indirect and accomplished using other networks or
intermediate communication devices.

It should be understood that imaging system 100 may
contain additional video sources, additional image process-
ing systems, or other devices.

Turning now to FIG. 2, process 200 describes the operation
of' imaging system 100 in an implementation, and in particu-
lar, the operation of image processing system 120. The steps
of process 200 are indicated below parenthetically.

To begin, models are generated from objects identified in
video (201). In some examples, the models could be gener-
ated by scanning through the video and identifying marked
locations in the video to create models of those locations. For
example, the marked locations in the video could comprise
objects that are identified in the video by manual identifica-
tion, such as by a user manually marking the portions of the
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video associated with the target objects. In some examples,
the objects identified in the video comprise human body parts,
such as human heads. In this case, the objects could be iden-
tified in the video by human head detection and/or facial
recognition, and a different model could be generated for
each human head identified in the video. In yet another
example, image processing system 120 could identify por-
tions of the video that exhibit movement and identify the
objects in the video that are associated with that movement.
Other techniques of identifying objects in video from which
to generate models are possible and within the scope of this
disclosure.

Once the models are generated, each model is evaluated
based on knowledge of the objects determined from video
analysis (203). In some examples, to evaluate each model,
image processing system 120 could analyze the video in order
to track movement of each object in the video. For example,
image processing system 120 could track the movement of
each object in the video by using each model to track the
object from which it was generated. In other words, this
model evaluation technique tests the model’s ability to track
its associated object from which it was generated as the object
moves and changes position in the video. For example, in the
case of modeling human heads, a movement profile for each
human could be generated based on each head model tracking
the movement of its respective human through a video scene.
Such tracking could provide statistics about the dynamics of
the scene, such as average and maximum step size of each
person, rates of speed, where most foot traffic occurs, and the
like. Such motion dynamics could be stored in association
with their respective models for later use in identifying dif-
ferent objects, such as the heads of different humans, which
might appear in different video.

Additionally or alternatively, in some examples image pro-
cessing system 120 could evaluate each model based on
knowledge of the objects determined from video analysis by
evaluating an ability of each model to identify the objects in
the video that are similar to the object from which it was
generated. In this evaluation, each model is tested to deter-
mine its ability to detect and identify objects that are similar
to the object from which it was modeled. For example, con-
tinuing the above example of human head modeling, each
head model could be evaluated against video of other humans
to see which of the other humans were correctly identified
using the head models from different humans. In some
examples, image processing system 120 could optionally
determine which head models incorrectly detected body parts
other than heads and/or other non-human objects as human
heads.

Additionally or alternatively, in some examples image pro-
cessing system 120 could also optionally evaluate each model
by determining an amount of false identifications made by
each model of different objects in different video that does not
include the object from which it was generated. For example,
images that do not contain any objects that were used to
generate the models in Step 201 could be analyzed using
those models. Any detection by the models is therefore incor-
rect and represents a false detection. For example, in the case
of human head detection, models of different heads could be
compared against video that contains no images of humans
whatsoever to determine if any of the models falsely identify
other objects appearing in the video as human heads.

Once the models are evaluated, image processing system
120 identifies at least one preferred model based on the evalu-
ations (205). Typically, preferred models are selected based
on some criteria, such as the most general models evaluated.
For example, one approach to identifying preferred models
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could comprise selecting the model that detected the greatest
number of objects in the video that are similar to the object
from which it was generated, then removing those objects that
it detected from the analysis, and selecting another model that
detected the next greatest number of this same type of object
in the video from among the remaining objects that were
undetected by the first selected model, and so on. This
approach would ensure that the preferred models identified
have the best ability to generalize, but also avoids resem-
blance and redundancy among the preferred models. In one
example, identifying at least one preferred model based on
the evaluations comprises identifying a model having a great-
est ability to identify the objects in the video that are similar
to the object from which it was generated and having a least
amount of false identifications of different objects in different
video. In some examples, the top five percent of the models
which created the most false detections could be disqualified
on the basis that they describe a feature that is too general and
might be very common in most video scenes. Other tech-
niques and criteria could be utilized to identify preferred
models based on the evaluations and are within the scope of
this disclosure.

Advantageously, using the above techniques, models of
various objects appearing in video can be evaluated to deter-
mine preferred models that best detect similar objects in other
video. The preferred models can be selected intelligently in
order to maximize the detection rate while keeping false
detections and the number of models to a minimum. In this
manner, inferior models that are inaccurate and overly gen-
eral are filtered out and eliminated so that a smaller collection
of preferred, optimal models are identified and selected for
use.

FIG. 3 is a block diagram that illustrates video 300 and
models 311 and 312 generated from objects 301 and 302
identified in the video 300. As shown in FIG. 3, the image
displayed of video 300 shows two triangle objects labeled 301
and 302. Although basic, two-dimensional shapes are used
herein for the purpose of clarity, one of skill in the art will
understand that much more complex objects appearing in
video could be modeled, including three-dimensional objects
and portions of larger objects, such as body parts of a human
being, for example.

The objects 301 and 302 have associated models 311 and
312, respectively, that are generated from the objects 301 and
302 identified in the video. In this example, a user has previ-
ously marked objects 301 and 302 in video 300 by designat-
ing the area in the video 300 in which the objects 301 and 302
appear in order to identify the objects 301 and 302 in the video
300, but other object identification techniques are possible.
Based on the objects 301 and 302 identified in the video 300,
respective models 311 and 312 have been generated. As
shown by the dashed arrows in FIG. 3, model 311 corresponds
to object 301, and model 312 corresponds to object 302.

FIG. 4 is a block diagram that illustrates video 400 and an
evaluation of a model 311 based on knowledge of an object
301 in the video 400. In this example, video 400 depicts a
scene in which triangle object 301 is traveling in motion.
Model 311, which was generated from object 301 previously
based on video 300 of FIG. 3, is used to track the movement
of'object 301 throughout the video scene 400. In other words,
triangle object 301 is being detected and tracked using its own
model 311. In this example, model 311 successfully tracks the
movement of object 301 from which it was generated.

FIG. 5 is a block diagram that illustrates video 500 and an
evaluation of models 311 and 312 based on knowledge of
objects 301 and 302 in the video 500. This evaluation tests the
ability of each model 311 and 312 to detect and identify
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objects 302 and 301 that are similar to the objects 301 and 302
that were used to generate their respective models 311 and
312. For example, since model 311 was generated from tri-
angle object 301, model 311 is evaluated to determine its
ability to detect similar triangle object 302 in video 500.
Likewise, triangle model 312 was modeled after triangle
object 302, so the ability of model 312 to detect similar
triangle object 301 is tested.

In this example, each model 311 and 312 successfully
identifies a similar object 302 and 301, respectively. Thus, as
shown by the dashed arrows on FIG. 5, model 311 correctly
identifies triangle object 302 that is similar to triangle object
301 from which model 311 was generated. Likewise, model
312 accurately identifies triangle object 301 that is similar to
triangle object 302 from which model 312 was generated.

FIG. 6 is a block diagram that illustrates video 600 and an
evaluation of models 311 and 312 based on knowledge of
objects 601 and 602 in the video 600. In this example,
although both models 311 and 312 were modeled after tri-
angle objects 301 and 302 as discussed above with respect to
FIG. 3, the image in the video 600 does not contain any
triangle objects. Instead, video 600 contains a circular object
601 and a square object 602. Models 311 and 312 are thus
evaluated against the scene in video 600 to determine if either
model 311 or 312 falsely identifies one of the objects 601 or
602 as a triangle object.

In this example, model 311 successfully avoids falsely
identifying either object 601 or 602 as a triangle object.
However, as shown in FIG. 6, model 312 falsely identifies the
square object 602 as a triangle object. Since video 600 is
known to not contain any triangle objects whatsoever, the
detection of object 602 by model 312 is incorrect and repre-
sents a false detection. Such information could be subse-
quently used to identify preferred models, such as by elimi-
nating model 312 for being too generalized and instead
selecting model 311 for its superior ability to avoid false
detections.

FIG. 7 illustrates image processing system 700. Image
processing system 700 provides an example of image pro-
cessing system 120, but image processing system 120 could
have alternative configurations. Image processing system 700
and the associated description below are intended to provide
a brief, general description of a suitable computing environ-
ment in which process 200 of FIG. 2 may be implemented.
Many other configurations of computing devices and soft-
ware computing systems may be employed to implement
process 200.

Image processing system 700 may be any type of comput-
ing system capable of evaluating models generated from
objects identified in video, such as a client computer, server
computer, internet apparatus, or any combination or variation
thereof. Image processing system 700 may be implemented
as a single computing system, but may also be implemented
in a distributed manner across multiple computing systems.
Image processing system 700 is provided as an example of a
general purpose computing system that, when implementing
process 200, becomes a specialized system capable of evalu-
ating models generated from objects identified in video and
identifying preferred models based on the evaluations.

Image processing system 700 includes communication
interface 710 and processing system 720. Processing system
720 and communication interface 710 are in communication
through a communication link. Processing system 720
includes processor 721 and memory system 722. Memory
system 722 stores software 723, which, when executed by
processing system 720, directs image processing system 700
to operate as described herein for process 200.
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Communication interface 710 includes network interface
712, input ports 716, and output ports 718. Communication
interface 710 includes components that communicate over
communication links, such as network cards, ports, RF trans-
ceivers, processing circuitry and software, or some other
communication device. Communication interface 710 may
be configured to communicate over metallic, wireless, or
optical links. Communication interface 710 may be config-
ured to use TDM, IP, Ethernet, optical networking, wireless
protocols, communication signaling, or some other commu-
nication format, including combinations thereof. Image pro-
cessing system 700 may include multiple network interfaces.

Network interface 712 is configured to connect to external
devices over network 770. Network interface 712 may be
configured to communicate in a variety of protocols. Input
ports 716 are configured to connect to input devices 780 such
as a video source, a storage system, a keyboard, a mouse, a
user interface, or other input device. Output ports 718 are
configured to connect to output devices 790 such as a storage
system, other communication links, a display, or other output
devices.

Processing system 720 includes processor 721 and
memory system 722. Processor 721 includes microprocessor
or other circuitry that retrieves and executes operating soft-
ware from memory system 722. Processor 721 may comprise
a single device or could be distributed across multiple
devices—including devices in different geographic areas.
Processor 721 may be embedded in various types of equip-
ment.

Memory system 722 may comprise any storage media
readable by processing system 720 and capable of storing
software 723, including operating system 724, applications
725, model creation module 728, and model testing module
729. Memory system 722 may include volatile and nonvola-
tile, removable and non-removable media implemented in
any method or technology for storage of information, such as
computer readable instructions, data structures, program
modules, or other data. Memory system 722 may comprise a
single device or could be distributed across multiple
devices—including devices in different geographic areas.
Memory system 722 may be embedded in various types of
equipment. Memory system 722 may comprise additional
elements, such as a controller, capable of communicating
with processing system 720.

Examples of storage media include random access
memory, read only memory, magnetic disks, optical disks,
and flash memory, as well as any combination or variation
thereof, or any other type of storage media. In some imple-
mentations, the storage media may be a non-transitory stor-
age media. In some implementations, at least a portion of the
storage media may be transitory. It should be understood that
in no case is the storage media a propagated signal or carrier
wave.

Software 723, including model creation module 728 and
model testing module 729 in particular, comprises computer
program instructions, firmware, or some other form of
machine-readable processing instructions having process 200
embodied therein. Model creation module 728 and model
testing module 729 may be implemented as a single applica-
tion but also as multiple applications. Model creation module
728 and model testing module 729 may be stand-alone appli-
cations but may also be implemented within other applica-
tions distributed on multiple devices, including but not lim-
ited to program application software and operating system
software.

In general, software 723 may, when loaded into processing
system 720 and executed, transform processing system 720,

30

40

45

55

8

and image processing system 700 overall, from a general-
purpose computing system into a special-purpose computing
system customized to evaluate models generated from objects
identified in video and identify preferred models based on the
evaluations as described by process 200 and its associated
discussion.

Software 723, and model creation module 728 and model
testing module 729 in particular, may also transform the
physical structure of memory system 722. The specific trans-
formation of the physical structure may depend on various
factors in different implementations of this description.
Examples of such factors may include, but are not limited to,
the technology used to implement the storage media of
memory system 722, whether the computer-storage media are
characterized as primary or secondary storage, and the like.

For example, if the computer-storage media are imple-
mented as semiconductor-based memory, software 723, and
model creation module 728 and model testing module 729 in
particular, may transform the physical state of the semicon-
ductor memory when the software is encoded therein. For
example, software 723 may transform the state of transistors,
capacitors, or other discrete circuit elements constituting the
semiconductor memory. A similar transformation may occur
with respect to magnetic or optical media. Other transforma-
tions of physical media are possible without departing from
the scope of the present description, with the foregoing
examples provided only to facilitate this discussion.

Software 723 comprises operating system 724, applica-
tions 725, model creation module 728, and model testing
module 729. Software 723 may also comprise additional
computer programs, firmware, or some other form of non-
transitory, machine-readable processing instructions. When
executed by processing system 720, operating software 723
directs processing system 720 to operate image processing
system 700 as described herein for image processing system
120 and process 200. In particular, operating software 723
directs processing system 720 to generate models from
objects identified in video. Operating software 723 also
directs processing system 720 to perform evaluations on each
model based on knowledge of the objects determined from
video analysis. Further, operating software 723 directs pro-
cessing system 720 to identify at least one preferred model
based on the evaluations.

Inthis example, operating software 723 comprises a model
creation software module 728 that generates models from
objects identified in video. Additionally, operating software
723 comprises a model testing software module 729 that
performs evaluations on each model based on knowledge of
the objects determined from video analysis and identifies at
least one preferred model based on the evaluations.

The above description and associated figures teach the best
mode of the invention. The following claims specify the scope
of'the invention. Note that some aspects of the best mode may
not fall within the scope of the invention as specified by the
claims. Those skilled in the art will appreciate that the fea-
tures described above can be combined in various ways to
form multiple variations of the invention. As a result, the
invention is not limited to the specific embodiments described
above, but only by the following claims and their equivalents.

What is claimed is:

1. A method of operating an image processing system, the
method comprising:

generating models from objects identified in video;

evaluating each model based on knowledge of the objects

determined from video analysis;

identifying at least one preferred model based on the evalu-

ating, wherein evaluating each model includes applying
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a set of video analytics in order to effectuate the identi-
fying step, the evaluating further comprising:

selecting the model that detected the greatest number of

objects in the video that are similar to the object from
which it was generated, then removing those objects that
it detected from the analysis;

selecting another model that detected the next greatest

number of this same type of object in the video from
among the remaining objects that were undetected by
the first selected model; and so on;

tracking a movement of each object in the video, wherein

tracking a movement of each object in the video com-
prises using a plurality of respective models to track the
object from which it was generated, and

evaluating statistics based on the at least one preferred

model,

wherein, the at least one preferred model identified avoids

resemblance and redundancy among the models.

2. The method of claim 1 wherein evaluating each model
based on knowledge of the objects determined from video
analysis comprises tracking a movement of each object in the
video.

3. The method of claim 1 wherein evaluating each model
based on knowledge of the objects determined from video
analysis comprises evaluating an ability of each model to
identify the objects in the video that are similar to the object
from which it was generated.

4. The method of claim 1 wherein evaluating each model
based on knowledge of the objects determined from video
analysis comprises determining an amount of false identifi-
cations made by each model of different objects in different
video that does not include the object from which it was
generated.

5. The method of claim 1 wherein evaluating each model
based on knowledge of the objects determined from video
analysis comprises:

tracking a movement of each object in the video by using

each model to track the object from which it was gener-
ated;

evaluating an ability of each model to identify the objects in

the video that are similar to the object from which it was
generated; and

determining an amount of false identifications made by

each model of different objects in different video that
does not include the object from which it was generated.

6. The method of claim 5 wherein identifying at least one
preferred model based on the evaluating comprises identify-
ing a model having a greatest ability to identify the objects in
the video that are similar to the object from which it was
generated and having a least amount of false identifications of
the different objects in the different video.

7. The method of claim 1 wherein the objects are identified
in the video by manual identification.

8. The method of claim 1 wherein the objects are identified
in the video by human head detection.

9. The method of claim 1 wherein the objects identified in
the video comprise human body parts.

10. One or more computer readable media having stored
thereon program instructions which, when executed by a
processing system, direct the processing system to:

generate models from objects identified in video;

perform evaluations on each model based on knowledge of

the objects determined from video analysis;

identify at least one preferred model based on the evalua-

tions, wherein evaluating each model includes applying
a set of video analytics in order to effectuate the identi-
fying step, the evaluating further comprising selecting
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the model that detected the greatest number of objects in
the video that are similar to the object from which it was
generated, then removing those objects that it detected
from the analysis; and selecting another model that
detected the next greatest number of this same type of
object in the video from among the remaining objects
that were undetected by the first selected model; and so
on;

tracking a movement of each object in the video, wherein

tracking a movement of each object in the video com-
prises using a plurality of respective models to track the
object from which it was generated; and

evaluate statistics based on the at least one preferred model,

wherein, the at least one preferred model identified
avoids resemblance and redundancy among the models.
11. The one or more computer readable media of claim 10
wherein the program instructions, to direct the processing
system to perform the evaluations on each model based on
knowledge of the objects determined from video analysis,
direct the processing system to track a movement of each
object in the video.
12. The one or more computer readable media of claim 10
wherein the program instructions, to direct the processing
system to perform the evaluations on each model based on
knowledge of the objects determined from video analysis,
direct the processing system to evaluate an ability of each
model to identify the objects in the video that are similar to the
object from which it was generated.
13. The one or more computer readable media of claim 10
wherein the program instructions, to direct the processing
system to perform the evaluations on each model based on
knowledge of the objects determined from video analysis,
direct the processing system to determine an amount of false
identifications made by each model of different objects in
different video that does not include the object from which it
was generated.
14. The one or more computer readable media of claim 10
wherein the program instructions, to direct the processing
system to perform the evaluations on each model based on
knowledge of the objects determined from video analysis,
direct the processing system to:
track a movement of each object in the video by using each
model to track the object from which it was generated;

evaluate an ability of each model to identify the objects in
the video that are similar to the object from which it was
generated; and

determine an amount of false identifications made by each

model of different objects in different video that does not
include the object from which it was generated.

15. The one or more computer readable media of claim 14
wherein the program instructions, to direct the processing
system to identify at least one preferred model based on the
evaluations, direct the processing system to identify a model
having a greatest ability to identify the objects in the video
that are similar to the object from which it was generated and
having a least amount of false identifications of the different
objects in the different video.

16. The one or more computer readable media of claim 10
wherein the objects are identified in the video by manual
identification.

17. The one or more computer readable media of claim 10
wherein the objects are identified in the video by human head
detection.

18. An image processing system comprising:

a processing system configured to generate models from

objects identified in video, perform evaluations on each
model based on knowledge of the objects determined
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from video analysis, and identify at least one preferred
model based on the evaluations, wherein evaluating each
model includes applying a set of video analytics in order

to effectuate the identifying step, the evaluating further
comprising selecting the model that detected the greatest 5
number of objects in the video that are similar to the
object from which it was generated, then removing those
objects that it detected from the analysis; and selecting
another model that detected the next greatest number of
this same type of object in the video from among the 10
remaining objects that were undetected by the first
selected model; and so on;

tracking a movement of each object in the video, wherein

tracking a movement of each object in the video com-
prises using a plurality of respective models to track the 15
object from which it was generated, and evaluate statis-
tics based on the at least one preferred model, wherein,
the at least one preferred model identified avoids resem-
blance and redundancy among the models.

19. The method of claim 1, wherein an absence of at least 20
one object is determined from the evaluated statistics based
on the at least one preferred model.

20. The one or more computer readable media of claim 10,
wherein an absence of at least one object is determined from
the evaluated statistics based on the at least one preferred 25
model.



